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R&D on user-centric Information systems based on the fundamental
technologies of Knowledge Discovery & Data Mining & Machine Learning,

Information Retrieval & recommendation, and Multimedia Information
Systems
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Existing methods focus on discovering Popularity
popular spots, e.g.,
[W.C. Chen et al. 2009], [J. Liu et al. 2012],
[Y. Zheng et al. 2009], [X. Cao et al. 2010].
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Factor Analysis (Event-Product Relation Analysis) to
reveal the effects of events to market

Products
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selected PRC tid Profit P R C  Exclude Candidate
b 105398 15383 4344 7337 9198 ewuce  cansome

105402 3325 4218 7671 9724
107377 11031 4292 7491 9421
. Q 109522 34290 4565 7921 76.74
. 116793 2420 4142 7474 9688
115835 23487 4307 7883 5041
11868 11768 4181 6988 89.78
120566 18082 4382 6881 87.84
120768 11131 4458 6984 81.06
121439 14664 4277 767 9297
123647 14935 4272 7471 890
124533 289554 7657 71.77 508
oy & 4 128206 2592 4224 7339 9691

bet Efficient frontier

p1(10,7.3588958944)

Return

P(10,5)

L N . 131947 25811 4362 71.73 8878  excn de _candome
B 115835 D 133096 21851 445 7092 8583 exmoe  cencams 1
z z 13383] 20574 4363 6843 7888

Performance -

- 13397 48435 469 81.11 7507
139560 108582 536 5853 50.68
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- [ . = o 144396 262450 79.65 2688 21.67

7 v 144980 32301 4473 7222 8323
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148643, 15423 4309 7396 8831

W2F: Whom to Follow: == -+

Pareto point

Risk

Bound Pareto point

6

Regard expert traders as assets to construct portfolios 3, w;< 0
traderE traderA Viw; =0
20% 20% 4
c
3
&
traderD 2
traderB
20% -
traderC Meaningful Interval
20% ° 0 05 1 15 2 25

Risk



H X534 \/ EBIz@ELy

KYOTO INSTITUTE OF TECHNOLOGY

[IWAS2021,IEICE2019,DEXA2019]

NEREER CREHR TOREESOR REFRELEBDIT L, B8ERobTEE
TOISMDLEES - BRATIET BFRIC DV THZEHR

Sl REEROBRNELELELTHD

5500

BREETOBRBERNRBIIAEEFTLITELANITL, - NISAR T DR EEFZBE MDA TH00ELL EH S

— IR EEFTIL DEERABIHESTIATLNTH D

o IR AR AR AT A DR OB EE— 2D
T Bt C T RS

BEEROERLEEHRL

DREOEREFRRICKYERE

=Xz
@ vsreT Rz

KEB S ROEN HA REIT & Y

7

RRAUEYY ——— Pp RAGDP

/2 EDHER
7 B0iER



BeREF ((B¥kfHET) \/ EBIE@ELS

KYOTO INSTITUTE OF TECHNOLOGY

“B"MD{E A4t / True Personalization

‘NYPD Wall Street”

all news complement
to the parent

typical items
lad ' from the top

Markets Stocks Media

000 0% 0% 0% 10

4 Top News
Republican amendment fight
threatens Iran bill in Senate

By Patricia Zengerle
WASHINGTON | Thu Apr 30, 2015 7:40pm EDT
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WASHINGTON (Reuters) - A dispute among

Republican senators over changes to an Iran nuclear
review bill on Thursday threatened the measur
chances of being passed by the U.S. Congress, ¥ /4
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=  word2vec
@ Scholar About307 Jits (0.05

word2vec parameter learning explained

X Rong - arXiv preprint arXiv:1411.2738, 2014 - arxiv.org

The word2vec model and application by Mikolov et al. have attracted a great amount of
attention in recent two years. The vector representations of words learned by word2vec
models have been shown to carry semantic meanings and are useful in various NLP tasks ...
Yr 99 Citedby459 Related articles All 15 versions %

word2vec Explained: deriving Mikolov et al.'s negative-sampling word-
embedding method

Y Goldberg, O Levy - arXiv preprint arXiv:1402.3722, 2014 - arxiv.org

The word2vec software of Tomas Mikolov and colleagues (this https URL) has gained a lot
of traction lately, and provides state-of-the-art word embeddings. The learning models
behind the software are described in two research papers. We found the description of the ...
Yr 99 Citedby 905 Related articles All 8 versions 99

Chinese comments sentiment classification based on word2vec and SVMperf
D Zhang, H Xu, Z Su, Y Xu - Expert Systems with Applications, 2015 - Elsevier

Since the booming development of e-commerce in the last decade, the researchers have

begun to pay more attention to extract the valuable information from consumers comments.

Sentiment classification, which focuses on classify the comments into positive class and ...

V¢ 99 Cited by 215 Related articles Al 4 versions

Keyword-based Searching

New Sent 2

User |Find citations
to support this
context.

1
- '
ing sentences: g

Introduction

When writing an academic paper, one of the common
question to consider would be: “Which paper should I cited
at this place?” According to the massive number of
published papers which is also growing exponentially. It is
difficult for a researcher to find and read all the papers that
might be relevant to their topics. The previously proposed
manuscript-based recommendation concept (Zhang and Ma,
2020a,b) aims to find suitable candidate papers for a working
manuscript which is considered to be practical in alleviating
the burden of searching for papers.

The current tools such as Google Scholar generally rely on
the ideology of “keyword searches”, for which the search
engines recommend candidate papers based on the input

INTERFACE
R —— Draft Input Panel --------- --- Recommendation ...
Panel

Context-aware citation

recommendation

|
'
'
'
'
'
'
'
1
'
'
1
1
1
1
1
@ Ananalysis of citation :
recommender approach :<
'
'
'
'
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cite2vec: Citation-driven
document exploration via word
embeddings

1

Database

In-Dataset Papers
(papers published
by 2020 for example)

A

Newly Published
/ Out-of-dataset papers

(papers publishsh after
2020 for example)

Source On-the-fly

Insert citations;

the manuscript.

Features

On-the-fly Recommendation

* Only require the user to indicate the location to

* Detect the citing intent (i.e. searching need)
directly from the input manuscript;

* Detect the topic semantics from the updates of

Candidate On-the-fly

» Matching candidate papers with content and

topic semantics;

* Matching with both existing and newly published

papers.
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